
Table 4: Matching Estimates of the Average Effect of Treatment (Potential Competition) on the
Treated (Cases in Partisan Competitive Districts)

Fact Pattern District, Then
Matching Only Fact-Pattern Matching

(1) (2) (3) (4)
Expected Change in . . . All Judges Unchallenged All Judges Unchallenged
Pr(prison) 0.034 0.036 0.067 0.08

(5.64) (5.57) (18.17) (19.99)
Months prison (unconditional) 0.513 0.48 1.15 1.406

(3.43) (2.91) (2.91) (2.91)
Matched treated observations 4,717 3,868 1,195 1,016

treatment and control groups. Distance matching on defendant age within each cluster without
concern of ties is expedited by the presence in the data of defendant birthdays, which allow us
to measure this characteristic to the day. Matching observations on the basis of district-level
variables is more complicated, owing to the presence of just 31 unique values for each measure.
This essentially guarantees the district-level covariates will not be balanced between treatment and
control groups at the case level, even if excellent balance can be achieved at the district level. We
therefore adopt a two-step approach. First, using the genetic matching algorithm of Diamond and
Sekhon (2005), we pair partisan competitive districts with politically and demographically similar
retention districts. For example, District 18 (Sedgwick County, the location of Wichita) is paired
with District 7 (Douglas County, the location of Lawrence). (The full list of district matches is:
13/9, 14/8, 15/12, 16/8, 17/12, 18/7, 19/21, 20/9, 22/2, 23/31, 24/12, 26/25, 27/9, and 29/7.)
Post-matching balance statistics at the district level appear in the third and fourth columns of
Table 1. Note that this technique enables us to achieve excellent balance on the crime rate, which
was significantly unbalanced in the raw district-level data. Having matched comparable districts,
we then search for unique fact pattern clusters in district pairs, matching observations closest in
age as above.

Results from the analysis with district matching appear in the third and fourth columns of
Table 4. The district matching technique discards a large volume of sentencing information, drawing
cases from only eight of the seventeen retention districts to assure comparability. For example,
only one of the five southeastern retention districts districts (31) is kept. Shawnee County, with
its unusually high crime rate, is discarded.21 This approach dramatically decreases the overall
sample size compared to matching on case-level covariates only. However, as the table indicates,
adopting the more conservative approach approximately doubles the magnitude of the estimated
effects, which remain highly statistically significant. This again confirms our basic result: cases
with observably identical fact patterns and defendant characteristics are more likely to result in
stiffer penalties in districts where the threat of electoral competition looms over the judge.

21Unfortunately, we lack historical data on the vote margins with which different districts adopted
the noncompetitive retention method. Shawnee County is an exception, however. In 2000, residents
voted overwhelmingly, 62-38%, to keep the retention system, which it initially adopted in 1974.
This result lends face validity to the district matching technique, which drops cases from Shawnee
altogether.
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